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Abstract: Microgrids are distribution networks consisting of distributed energy sources such as
photovoltaic and wind turbines, that have traditionally been one of the most popular sources of energy.
Furthermore, microgrids consist of energy storage systems and loads (e.g., industrial and residential)
that may operate in grid-connected mode or islanded mode. While microgrids are an efficient source
in terms of inexpensive, clean and renewable energy for distributed renewable energy sources that
are connected to the existing grid, these renewable energy sources also cause many difficulties to the
microgrid due to their characteristics. These difficulties mainly include voltage collapses, voltage and
frequency fluctuations and phase difference faults in both islanded mode and in the grid-connected
mode operations. Stability of the microgrid structure is necessary for providing transient stability
using intelligent optimization methods to eliminate the abovementioned difficulties that affect power
quality. This paper presents optimization and control techniques that can be used to provide transient
stability in the islanded or grid-connected mode operations of a microgrid comprising renewable
energy sources. The results obtained from these techniques were compared, analyzing studies in
the literature and finding the advantages and disadvantages of the various methods presented.
Thus, a comprehensive review of research on microgrid stability is presented to identify and guide
future studies.
Keywords: optimization; control; microgrid; transient stability
1. Introduction
Power systems that generate electricity from renewable energy sources have in recent times
increased their share in the total installed power capacity of electrical energy generation as a result of
various advantages [1]. In addition, this increase in large-scale solar photovoltaic systems and wind
power systems has resulted in problems affecting the quality of the electrical power produced [2].
These problems increase the sensitivity of the grid against harmonic distortions and fluctuations,
and reduce frequency stability [3–5]. Increased use of renewable energy sources in recent years has
enabled the supply of clean, cheap and low-cost energy, but has caused several problems in electricity
transmission and distribution networks.
Energies 2019, 12, 3582; doi:10.3390/en12183582 www.mdpi.com/journal/energies
Energies 2019, 12, 3582 2 of 20
Since the 2010s, it has been observed in wind power and solar photovoltaic systems that a limited
amount of total reserve capacity can provide energy to the system. At this point, microgrids are
the most reliable solution for the integration of renewable energy sources within a wider electricity
network. An example of a microgrid is presented in Figure 1 [6].
Figure 1. General structure of the microgrid.
Microgrids provide a promising solution for today’s electrical energy problems based on the
reliable, safe, environment-friendly and sustainable electric energy obtained from renewable energy
sources [7]. By restructuring the microgrids, a contribution is made to the activities of energy planning
and management, voltage stability and energy efficiency [8,9]. The use of renewable energy sources
with an electricity network has negative effects on power quality [10], specifically connection and
stability problems. Insufficiencies of active and reactive power capacity in the distribution transformers
of different countries cause connection problems [11]. Stability problems are due to insufficiencies of
a grid under normal operating conditions [12]. In order to solve these problems, electrical infrastructure
needs to be renewed and expanded.
Another source affecting a power system’s stability is the structure of renewable energy sources
that the grid connection conducts on power electronic topologies. This problem generally has two
effects, the first one being harmonic problems, as inverters generate significant current and voltage
harmonics. Additionally, as stated above, it is desirable that the installed power rate of such types of
renewable energy source increase in the grid while the total system capacity decrease. The second
problem, which is more important, is the stability of grid [13].
Stability of the microgrids is defined as the balanced operation of all elements constituting the
grid under normal operation conditions and achieving a reasonable balance following any disturbing
effect. Transient stability in a microgrid is defined as the feature of an energy system that enables it to
remain in a stable equilibrium state under normal conditions, and that allows it to regain a desired
equilibrium after being subjected to disturbances arising from very general situations such as the
switching on and off of circuit elements, voltage collapse, voltage and frequency fluctuation, phase
difference fault, error in the islanded mode operation and grid-connected operation and so on. In other
words, the stability purpose the synchronous operation of alternative energy sources in the grid. [14].
Stability is analyzed under three headings in a framework of the power system analysis: voltage,
frequency stability and rotor angle stability [15]. Voltage stability depends on the reactive power
balance generated and consumed in the power system, while frequency stability depends on the
balance of active powers generated and consumed in the power system. Rotor angle stability is defined
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as the ability of synchronous generators in the grid to remain synchronized with each other. To achieve
constant sinusoidal system frequency, stator voltages of the synchronous generators should run
together in the same frequency. Frequency is a result of the mechanical speed of the rotor. For example,
if any change occurs in the load, the stator current oscillates at the mechanical speed of the rotor,
and hence at the frequency and angle of the rotor of the synchronous generator [16,17].
Ensuring the stability of the microgrids, providing balanced operation, preventing any disturbing
impact in the system while switching on and off energy sources and restructuring to introduce a dynamic
structure to the present system is realized in [18]. This dynamic structure will reduce the losses by
using load management and voltage profiling for the loads on the microgrid. In the event of a fault, the
affected zone is isolated, and the restructuring process is carried out by supplying energy to the load
by order of importance and increasing usage rates by the specific switching processes [19]. The works
of optimum restructuring and transition stability provide some benefits such as efficient usage of
energy sources, meeting the energy requirements with the lowest possible cost, minimizing active
power losses and switching processes, increasing energy quality accordingly (which ensures voltage
stability), increasing network reliability, providing a solution with minimum loss in the event of a fault,
increasing the entire system’s efficiency, achieving optimum power quality and providing the necessary
capacity [20].
A literature review reveals several studies on microgrids. The design, analysis and control of
microgrids are current issues studied in the literature, and researchers have conducted studies on many
subjects such as alternative current (AC) and direct current (DC) microgrid control and management, central
control architecture, power quality and protection, multiple-agent systems, standards-based information
and communication technologies, online optimization techniques and energy management systems [17].
Because of the variety of sources increases in the microgrids, restructuring becomes complicated
and restricted. Furthermore, it causes to different combinations and objectivities of the multi-purpose
optimization problems [21]. Classical optimization methods are applied to solve this problem; however,
in some cases, these methods are an approach to the local minimum rather than the global minimum.
Moreover, some classical methods cannot solve integer code problems. These deficiencies have been
overcome by the use of evolutionary methods in the literature. The well-known methods used to solve
restructuring problems are classified as follows:
a. Heuristic methods, branch changes, branches and limits, single-cycle optimization and loop
breaking, etc.
b. Metaheuristic methods such as simulated annealing (SA), the genetic algorithm (GA),
evolutionary programming (EP), ant colony optimization (ACO) and the harmony search
algorithm (HSA).
c. Artificial neural networks (ANNs) such as machine-learning algorithms.
Each of these methods has advantages and disadvantages. When the studies carried out in
the literature are analyzed, it is seen that the problems that arise in providing transient stability in
microgrids are solved by these methods. The solution to the problem of providing transient stability
includes the components of objective function and system operation constraints. The common objective
of all problems of providing transient stability in a microgrid is to achieve power quality and minimize
energy cost by connecting to the present network of energy sources at a steady state [22].
This review paper presents the studies in the literature in regards to their contributions to energy
efficiency, prioritizing the use of energy regenerated by renewable energy sources, use of optimization
and control methods and maintaining a continuity of the energy. To compare the capabilities of the
control methods that used in island mode and grid-connected microgrids in terms of transient stability,
optimization and control methods are examined. Besides the comparison, advantages, disadvantages
and limitations of the control methods are discussed in detail. Another aim of this paper is to examine
the research available on microgrid transient stability.
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2. Control in Microgrids
There are two main energy source types in microgrids. One of them is a DC source comprising
fuel cells, solar panels and batteries, whereas the other source is AC, comprising microturbines and
wind turbines in which output voltage is rectified.
Both source types are generally DC sources created by use of an inverter [23]. The inverter
structure for a DC source is shown in Figure 2a, and the inverter structure for an AC source is shown
in Figure 2b.
Figure 2. (a) Inverter for DC source. (b). Inverter for AC source.
Current, voltage and frequency parameters in the output of the inverter are determined by the
control method of the inverter. The output voltage is directly related to the intensity of the capacitor
voltage on the side of DC. Storage quantity in the capacitors is less than the storage quantity in the
rotating field and, therefore, control methods are of great significance [24]. Different application
strategies are used to manage the power flow control by depending on source number. It requires
an energy management system to activate and deactivate of the sources. [25,26]. Moreover, power flow
in the grid connected mode is provided by using sliding mode control (SMC), model predictive control
(MPC), power-reactive (PQ) control and droop control—a robust, fuzzy logic control. [27]. A transient
in an electrical system is defined by a sudden change in circuit conditions, such as when a system is
switched on and off, or a fault occurs. These faults are small signal faults, unbalanced voltage or steady
state faults. Firstly, small signal faults cause droop gains and load fluctuations to influence the voltage
stability of a grid or microgrid. The small signal faults of grids are analyzed using a linearized model
of the network, distributed generations (DGs), control units of DG, and loads. Secondly, voltage and
frequency amplitude generated from energy sources cause unbalanced voltage and frequency. As such,
voltage and frequency stability should be provided in power systems. Thirdly, steady state fault causes
to the tracking error on control operations. [28].
Dynamic and transient analyses are important concepts in power systems. The infrastructure
of the main electric grid evolves with the integration of hybrid energy systems that form renewable
energy systems. The hybrid microgrid is a grid structure comprising both grid and renewable energy
sources, or renewable energy sources only. As shown in Figure 3, hybrid microgrids can comprise more
than one energy source in the same distribution grid [29,30]. In renewable energy sources or hybrid
energy systems, this situation can be prevented using control algorithms that run independently of
system parameters, such as the sliding mode control method, whereas unknown system parameters or
changes in system control algorithm parameters that depend on model parameters, such as the model
predictive control method, adversely affect control efficiency [31,32].
The stability conditions in microgrids used in the literature are presented in Figure 4 [33–37].
Stability methods have been applied in both grid-connected mode and islanded mode. These methods
are used to provide small signal, voltage and frequency stability. The stability is implemented in the
short term, ultra-short term and long term.
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Figure 3. The general structure of a hybrid microgrid.
Figure 4. Methods for stability in microgrids.
3. Transient Stability in Grid-Connected Microgrids
The dynamic response of grid-connected microgrids were examined using different control
strategies based on an analysis of dynamic behavior of the system when exposed to the fault current
and important distortions in the distributed energy systems [38]. Recent studies have focused on
simulation studies of transient stability in grid-connected microgrids, and the studies analyzed
in the literature have generally used MATLAB/SIMULINK platforms [39]. Methods employed in
grid-connected microgrids are presented in Figure 5. These methods are use a single algorithm,
hybrid algorithm or an algorithm created by the use of computer software tools [40]. These methods
have advantages and disadvantages when compared with each other. Optimization algorithms, such as
genetic, particle swarm and artificial bee colony algorithms (as well as others), are used in respect
to frequency, voltage regulation and the reduction of current ripple for transient stability in AC or
DC microgrids comprising wind turbines, photovoltaic energy, fuel cells, battery energy storage
systems and flywheel energy storage while operating in islanded mode. Proportional and integral (PI),
proportional and derivative (PD) or proportional, derivative and integral (PID) control methods are
generally used in a feedback system. However, parameters of these methods are defined as constant
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while the algorithm designing, it negatively affect the system in cases of resource or load change.
The automatic adjustment of parameters is required in order to eliminate negative statements [41].
The optimization algorithms used to automatically adjust parameters are given in Figure 5.
Figure 5. Methods employed in grid-connected microgrids.
The genetic algorithm (GA) is effective and useful in areas where a search space is large and
complex, and where a solution is very difficult to achieve in a limited search space. This algorithm
is commonly used in situations that are not expressed in a particular mathematical model [42].
The particle swarm algorithm starts with a population containing random solutions and tries to provide
an optimum response by updating each iteration. Iteration number, swarm quantity, correction factor
and inertia moment are important for this algorithm [43]. In particle swarm optimization (PSO),
particles change their position until the number of iterations is completed. Thus, each particle benefits
from the experience of not only the best particle in the swarm, but also all other particles in the swarm.
The artificial bee colony (ABC) algorithm determines least amount of energy necessary for
honeybees to travel the shortest path between their home and a food source according to environmental
conditions in the natural environment. This system in bees is applied to power systems, and the
optimum solution is searched. Since the control parameter is low, it has a simple structure that can be
used for both numerical and discrete problems. Furthermore, the algorithm is used both alone and as
a hybrid. When the algorithm is used as a hybrid in a power system, structures emerge that are more
dynamic and possess greater stability [44].
The use of algorithms in microgrids is a very sensitive and important issue for a grid in terms of
control and coordination of the distributed generation systems. It has been seen that the frequency
and voltage values of a system are generally set by the grid according to the co-functioning of the
microgrid with the distribution grid, and a cost analysis of grid-connected microgrids has been realized
in the literature [45–48]. The maximum efficiency of renewable energy sources is achieved using
optimization and control algorithms, as well as by utilizing the most efficient use of storage members
and by supplying the minimum amount of energy from the grid to ensure stable operation of the
system with minimum cost [49].
Microgrids are connected to the system with a power electronic converter and inverter (DC-DC,
DC-AC, etc.). Since energy flows occur between parallel energy sources, the energy flows are
controlled [46]. This control is generally carried out using the droop control method, a method that is
used for sharing power between synchronous generators [50]. The most important characteristic of
this method is that it allows power sharing between sources, and does not require communication
infrastructure [51]. The relationship between active power-frequency and reactive power-voltage used
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for droop control is shown in Figure 6. Inverters are connected to the system in parallel according
to the used method [52]. This control method is also used for sharing power between uninterrupted
power sources (UPS) connected in parallel without a control cable.
Figure 6. (a) Frequency reducing characteristic. (b) Voltage reducing characteristic.
Although a high level of reliability and flexibility is achieved by this technique, it also has some
disadvantages. For instance, when the loads in the system are non-linear, and harmonic current is taken
into consideration, this control method does not share power as a result of power sharing [53]. To solve
this problem, harmonic current sharing methods are combined with virtual impedance adding methods,
adaptive methods, droop control methods for the smoothest power share and frequency–voltage
balance [54]. Another disadvantage of the droop control method is that frequency and voltage values
are determined based on the load [55]. To solve this problem, central, non-central (distributed control)
and hierarchical control structures are implemented. These are the methods used most commonly in
the literature [56].
It has been demonstrated that non-central and hierarchical control methods can provide the
production balance of plants with power electronic-based inverters [57]. The requirement of
communication infrastructure for the central control method, and redesigning if a new grid is
installed, restricts the area of use of this control method [58]. The non-central control method is
more appropriate for microgrids—since communication infrastructure is not necessary, it distributes
the power more adequately for non-linear loads and works based on local measurements [59–61].
In non-central control systems, active–reactive power values and voltage-frequency values are adjusted
according to the voltage and current data sent by the distributed generation system.
Numerous droop control techniques have been employed in microgrid applications. For example,
droop control methods providing the share of harmonic current [62], droop control methods sharing the
power based on the power angle [59], adaptive droop control methods that can adapt to variables [63],
droop control methods that can share power by use of virtual impedance [64] and so on have been used
in microgrid applications. However, the important disadvantage of these systems is that the voltage
and frequency values of microgrids in slanded mode vary by load variation [65]. To eliminate this
disadvantage, the secondary control function is enabled. This function follows load and regeneration
changes, determines frequency and voltage reference lines and sends a warning to all units. In this
way, voltage and frequency fluctuation become a near-zero value [66,67].
The hierarchical control method is a frequently used method for controlling microgrids. It has
a three-layer control structure and a method designed to manage power systems with large-scale
synchronous machines. Use of this method with some variations for microgrids has been proposed.
The first control layer is the primary control, which provides the control of the internal structure of
the distributed generation network. The main purpose of this control layer is to control the active
and reactive power balance, depending on the frequency and voltage, by imitating synchronous
generator behavior. By these means, energy flows between parallel inverters are prevented and power
is shared adequately [68].
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The second control layer is referred to as the secondary control and is designed to minimize
frequency and voltage fluctuations of the system. Due to load and process values of generators in the
system, which may vary continuously, voltage and frequency values vary as well [69]. To prevent this
fluctuation, the secondary control method is used. Frequency and voltage values of the system are
compared to the reference values [70]. The fault statement is sent to all units to prevent disruption of
the system balance, and is generally used to maintain the grid frequency fluctuation limit at ±0.2Hz [71].
Characteristics of primary and secondary control methods are presented in Figure 7.
Figure 7. Characteristics of primary and secondary control methods [65].
The final control layer is the tertiary control. This control method is used to control the power flow
between the microgrid and the main grid. While the microgrid and main grid run together, power flow
is controlled by frequency and voltage values.
The frequency value of the main grid is constant. Therefore, power exchanges between the main
grid and microgrid depend on the droop characteristic of the microgrid [72,73]. Power exchanges are
controlled by changing reference frequency and voltage values of the microgrid [74]. The characteristics
of the tertiary control method are shown in Figure 8. As seen in Figure 8, fmg is the frequency at
maximum generated power, Emg is the voltage at maximum generated power, Pgmax is the maximum
generated power, Qgmax is the maximum reactive power, fg is the frequency generated and Eg
is the voltage generated for the tertiary control method. In addition, the tertiary control method
shows the relation between f (frequency) and Pgmax (maximum generated active power), as well as
between f (frequency) and Qgmax (maximum generated reactive power). These control methods are
frequently used in the literature to control different types of microgrids [75], especially AC microgrids,
although they have recently started to be applied to DC microgrids [76]. A number of grid elements,
such as solar energy systems, storage elements and electric vehicle charging stations, are features of
a DC microgrid [77].
Another control method, known as the robust droop control method, is commonly used in
distributed loads where there are high-voltage multiple microgrids [78]. As seen in Figure 10, P1 and
P2 are active power in the traditional droop control strategy, P1-2 and P2-2 are active power in the
proposed control strategy, Q1 and Q2 are reactive power in the traditional droop control strategy and
Q1-2 and Q2-2 are reactive power in the proposed control strategy. In Figure 9, the system achieves
a stable state condition after a shorter time (around 2 s) compared to the traditional control method,
and subsequently shares its power [79].
Moreover, the robust droop control method shares power at a higher voltage level than the
traditional droop control method. Reactive power share is not achieved by the traditional droop control
method and is equalized to an approximate reference value by the robust droop control method [80,81].
Energies 2019, 12, 3582 9 of 20
Figure 8. Characteristics of the tertiary control method.
Figure 9. Comparison between the new robust droop control and the conventional droop control [80].
4. Transient Stability in Islanded Mode Microgrids
The transient stability of the islanded mode microgrid is affected by the type of load connected
to the system and the responsiveness of the control strategy used for distributed generation (DG)
interfaces. Different types of control strategy of the inverter affect all systems, so it is important to
provide transient stability.
Frequency, voltage and transient time intervals according to their standards as well as simulated
activities in islanded mode are presented in Table 1. A small variation signal in islanded mode causes
important distortions in harmonics, active–reactive power balance, frequency and voltage according to
this table, and the standards referred to as the optimal operation band are shown in Table 1.








UL 1741 2.5 59.3 < f < 60.5 88% < V < 110% t < 2s
IEEE 929-2000 2.5 59.3 < f < 60.5 88% < V < 110% t < 2s
VDE 0126-1-1 2 47.5 < f < 50.5 88% < V < 110% t < 0.2s
IEC 62116 1 (f-1.5Hz) < f < (f+1.5Hz) 85% < V < 115% t < 2s
IEEE1547 1 59.3 < f < 60.5 88% < V < 110% t < 2s
Korean Standard 1 59.3 < f < 60.5 88% < V < 110% t < 0.5s
International organizations such as the IEC (International Electrotechnical Commission) and IEEE
(Institute of Electrical and Electronics Engineers have defined certain standards for interconnection,
operation and control of microgrids in conjunction with the main grid. The standards offer operation
ranges relevant to performance, testing, safety and maintenance of the integrated power system.
Detection time is the transition time to operation in island mode. Quality factor is an important
parameter used to determine the reliability and robustness of any islanding detection mode. Also,
nominal voltage and frequency range are optimal operation standards of islanding detection time [82].
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4.1. P-Q Control Methods
The purpose of the P-Q control is to ensure equally distributed generation between active power
and reactive power. As seen in Figures 10 and 11, the P-Q control is performed by controlling
frequency and voltage control during load sharing. Frequency stability varies by the size of the load.
Frequency stability for an overloaded system lasts longer than a less-loaded system. For this reason,
the load is shared by the sources for frequency stability [83].
Figure 10. Voltage and frequency control block diagram [83].
Figure 11. P-Q control structure [81].
4.2. PI/PID Algorithms
The PI/PID algorithms consisting of a proportional, derivative and integral composition are
used to maintain system performance in double-fed asynchronous generator wind turbines in the
event of a fault [84]. This algorithm are used to reduce overvoltage and stability errors in a flexible
AC transmission systems (FACTS) unit [85], which uses battery systems in the event of voltage and
frequency fluctuations to increase energy flow. In the statement of fault in the system, the P-Q control
is provided with PI for balanced compensation [86]. Unique PI design is not useful in reducing the
harmonics at high frequencies.
The control structure is simple and provides the required performance. Also, it is commonly used
in industry. Optimization of three parameters changes the operation points. Moreover, it is not stable
enough to adapt itself to the load variations. Since PI/PID controllers are more stable in linear systems,
the structure does not show stable behavior due to the dynamic behavior of non-linear systems [86].
4.3. Model Predictive Control Method
The facts that concepts in the MPC management are simple and the controller is heuristic
are considered a significant advantage. MPC is a control strategy devised for both large,
multiple input–output control problems, and for inequality constraints on the inputs or outputs.
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MPC design parameters should be chosen carefully. MPC is the preferred solution for difficult
control problems [87,88].
The operating principle of an MPC controller is shown in Figure 12. This control method is
an algorithm that is used to predict the future behavior of a system. Free and forced response are the
prediction components of this method. The expected behavior of system output y (t+j) is shown by
free response. In addition, it is accepted that the future values of the actuating variables will be equal
to zero. The additional component of the system response is formed by forced response, which is
based on the pre-calculated set of future-actuating values u (t+j).
Figure 12. General structure of an MPC controller.
The total response of system behavior is determined as the sum of free and forced responses
for the entire future system’s behavior in linear systems. The sum process is calculated using the
superposition principle. This sum is pre-calculated up to a prediction horizon, which is determined by
a set of future reference values output by the system. The difference in future control error between
the future reference and pre-calculated actual values is then obtained. This method takes system
restrictions and the cost function into account, and a set of optimum future values u (t+j) from the
expected error are determined by this method [88,89].
The MPC leads to a high calculation density because of the pre-calculation of the system’s behavior.
The calculation density is significantly reduced at a control horizon. When the horizon is reached in
a steady state, the controller output remains constant. This situation is shown Figure 13.
Figure 13. MPC operation model.
The MPC is used to eliminate the following errors in the grid-connected operation and excessive
values using fuzzy logic to reduce fluctuations and eliminate the adverse effects of time delay and
stability errors. The MPC estimates the critical parameters while evaluating them. It is also used to
minimize harmonics in the network current via advanced estimation algorithm, which is used under
the adaptive current control for three phases in normal operation mode [90].
Advantages of the MPC method can be listed as follows:
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• Concepts are very heuristic and easy to understand;
• It is used in multi-variable systems;
• It prevents idle time;
• Addition of non-linear structures is easy;
• Constraints are eliminated by simple solutions.
Extension to the controller is very easy in many application systems.
Disadvantages of the MPC method compared to the classical controllers can be listed as follows:
• It has numerous mathematical operations;
• Quality of the model created affects the controlling performance directly;
• Addition or removal in the systems requires regulations in the controller.
The MPC controls the interaction and constraints between the variables and selects the optimal
strategy. In this way, it completes the operation quickly and provides economic benefits. It predicts
dynamic behavior in linear or non-linear systems, and is more proper for multi-variable systems.
The model is defined correctly, and while unknown parameters are not dealt with, performance analysis
is quite difficult [90].
4.4. Linear Quadratic Control Applications
The linear quadratic control (LQC) method is used to eliminate oscillation in three-phase inverters,
harmonic distortion and voltage and frequency degradation in grid-connected photovoltaic systems.
DC voltage in the inverter is used to compensate for the voltage in the line and optimize energy flow
to the loads. Stable operation in different models of the algorithm is used to eliminate small-scale noise
and regulate voltage and current. At a low-level DC voltage, a Kalman filter is used to reduce the
oscillation in the output [91]. Linear quadratic control, which is one of the optimal control methods,
has a more stable structure than the PI/PID control algorithm since matrix weights are adjusted simply.
However, the analytical solution of the algorithm is quite difficult and does not work in the event
of constraints [92].
4.5. Sliding Model Control Method
The SMC is a control method used in non-linear systems and discretely timed running systems.
It carries out the control as a function of systems switching at high frequencies. The essential principle of
the control is that a certain sliding manifold (surface) uses a reference path as an orbit, and the controlled
system can be directed to the required balance point [93]. The main advantage of a system having
SMC characteristics is that it guarantees stability and robustness against parameter uncertainties [94].
The SMC is used for providing feedback for variable-rate wind turbines and the continuity of wind
turbines in the event of a fault with the present fixed-switching method. It is also used for the
grid-connected three-phase inverter, to provide reliability and stability in distributed generation.
By means of dynamic behavior against uncertainties and distortion, it is used more in non-linear
systems. It is mathematically responsive due to a low computational process [95].
4.6. Robust Control Method
The robust control method (RCM) is the control approach designed to absorb faults in the
event of uncertain parameters and degradation. It is commonly used in microgrid applications [96],
especially for maintaining stability in the grid-connected mode and current control in three-phase
inverters, as well as to rectify frequency fluctuations in grid-connected inverters [97]. Moreover, it is
used to eliminate uncertainties in control systems generally, as well as cross-linking applications
between communication paths. However, it may not be practical in large-scale applications since there
is no constraint [98].
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4.7. Particle Swarm Algorithm Applications
The PSO is an algorithm developed by observing social behaviors of bird and fish shoal, which is
used to improve PI/PID parameters [99]. The algorithm begins with a population including random
solutions and updates in every iteration, and tries to give the optimum response. The PSO automatically
adjusts the gains of the PI/PID controller in the circuit to maintain the required performance [100].
It designates the most suitable position or value [101] and is used to improve the energy quality in
designating the position and layout of distributed regeneration [102]. It is generally used for the
optimization of non-linear, non-derivative and multi-mode functions. In addition to being simple
and easy to implement, it also has an adjustable parameter structure. The disadvantage of the PSO
algorithm is that while it is close to optimal levels, its calculation time depends on the adjustment time
of the PSO parameters [103–106].
5. Discussion
In distributed generation, load sharing between production and distribution is performed by
a primary control. This is the first and main step of microgrid transient control. The primary control
provides the voltage and frequency stability between consumption and production in an on-gird
microgrid. This paper aimed to introduce the control methods used in transient stability of microgrids
and clearly explain its advantages and disadvantages.
For this purpose, the control methods used for transient stability have been given in Table 2.
The control methods, including MPC, SMC, LQC and PSO, provide a reduced voltage and frequency
ripple, transient stability among energy sources and prevention of voltage collapse. However, they also
require well-known parameters belonging to the mathematical model of the system in order to use the
control methods. Unlike these methods, the droop control method has worked to measure the system
parameters belonging to the distributed operation of microgrids composed of renewable energy sources.
In addition, the usage of this method is simple. The method provides steady and precise results
on frequency stability of an overloaded system, and on power-share at high voltages, regardless of
constraints or limitations. This paper presents droop control as the most highly preferred method for
microgrid stability. The PSO algorithm starts with a population containing random solutions and tries
to provide the optimum response by updating each iteration as the particles change their position until
the number of iterations is completed. Thus, each particle benefits from the experience of not only the
best particle in the swarm, but also all other particles in the swarm.
Since the ABC algorithm has very few control parameters, the system response is simple and
faster when compared to other algorithms. It can be used for both numerical and discrete problems.
GA is effective and useful in areas where the search space is large and complex, although it is very
difficult to discover the solution with a limited search space. This algorithm is commonly used in
situations that are not expressed in a particular mathematical model.
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Table 2. Control methods used for transient stability in microgrids.





The method is used in three-phase
inverters to eliminate oscillation and
degradation. DC in the inverter is used
to compensate for the voltage in the line
and optimize the energy flow to the
loads.
Analytical solution of the algorithm is










The method provides high precision,
fast dynamic response and high stability
in the event of distortion in large-scale
loads. By means of dynamic behavior
against uncertainties and distortion, it is
used more in non-linear systems. It also
provides a fast reaction due to low
mathematical calculation.






PI control is not as stable in adapting
itself to load variations. It is more stable
in linear systems.
Transient response is slow and control
parameters are not controlled by the
fluctuation of power. It does not show
stable behavior with dynamic system
responses in a non-linear system. It is







The method provides frequency stability
for overloaded systems. Permits power
sharing in high-voltage multi-microgrids
and at high-voltage levels.
Fault rate in permanent voltage and
power fluctuations.
Fluctuates the frequency and voltage













MPC settlement time is shorter. MPC is
used to eliminate errors and excessive
values in the grid-connected operation
and minimize the harmonics in the
network current.
System model and initial parameters are














Its disadvantages include being close to
the optimal level and calculation time
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6. Conclusions and Evaluation
Modern society faces energy sustainability problems as energy demand increases and electricity
transmission and distribution lines become old. Modernization of conventional grid architecture,
innovative solutions and technologies and global warming are leading to limited investments,
energy product systems and energy dependency. This study aims to raise awareness of the studies
present in the literature in terms of contributing to energy efficiency, and to prioritize the use of energy
regenerated by renewable energy sources through optimization and control methods in maintaining
the continuation of energy.
Optimization and control methods were investigated to control the microgrid and provide
transient stability in an islanded mode for grid-connected microgrids. In addition, this research paper
is a preliminary examination of the frequency and voltage control strategy of islanded mode among
grid-connected microgrids. The effect of optimization and control methods on reducing switching
losses and pressure of the power electronic components of the inverter and converter are great. It is
considered that developing the existing solutions as proposed in the literature and implementing
them in the future will make significant technical contributions that could increase the total installed
power rate of renewable energy plants for electric energy regeneration, and accordingly maintain the
frequency stability of the grid.
The classification methods given in this review paper will help researchers select appropriate
control methods that are used for microgrid transient stability, such as voltage collapse, voltage and
frequency fluctuation, phase difference fault, error in the islanded mode operation and grid-connected
operation. Therefore, the control method contributes to providing accurate microgrid transient stability.
The fast dynamic response, stability, dynamic behavior, harmonic distortion, transient response,
connection type, energy source type, voltage level, voltage–frequency control and behavior in the
non-linear loads of each method are examined regularly. Therefore, it is helpful to conduct research on
control methods used in microgrid transient stability. This study on the advantages and disadvantages
of control and optimization algorithms, which are used for microgrid transient stability, could provide
suggestions for further research and applications.
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